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Three ways of understanding the economic impact of GenAl

Exposure: where GenAl could be useful
Adoption: where GenAl is actually used

Economic value: how large is the benefit






Firm & Worker Exposure to GenAl

tasks — occupations — firms

Eisfeldt, Schubert, Taska, Zhang (Forthcoming). “Generative Al and Firm Values”. Journal of
Finance.

Eisfeldt & Schubert (2025). “Generative Al and Finance”. Annual Review of Financial
Economics.



Task Exposure to Generative Al Technology

I Data: O*NET details on 19,265 tasks for 923 occupations

I Approach: Score worker tasks for exposure to GenAl, using an LLM to
apply a rubric

I Occupation-level Exposure: average exposure of occupation’s tasks

I Firm Exposure to Generative Al technology
I Data: LinkedIn profiles from Revelio Labs = firm employment by occupation

I Firm Gen. Al exposure: average exposure among the firm’s occupation structure in March
2022



Firms with High Exposure to Generative Al technology

Panel A: Top 15 Large U.S. Companies with Highest Exposure to Generative Al

Company Name Gen. Al exposure  MktCap  Subsector

International Business Machines Corp 488 128 Other Information Svcs

Intuit Inc. 48 110 Publishing Industries (exc. Internet)
QUALCOMM lInc. 479 123 Computer & Electronic Prod. Mfg.

Fiserv Inc. 475 64 Data Processing, Hosting, & Related Svcs
NVIDIA Corporation 468 360 Computer & Electronic Prod. Mfg.

S&P Global Inc 452 108 Admin. & Support Svcs

Broadcom Inc 449 234 Computer & Electronic Prod. Mfg.
Verizon Communications Inc 444 165 Telecommunications

Microsoft Corp 442 1790 Publishing Industries (exc. Internet)

3M Co 442 66 Paper Mfg.

Advanced Micro Devices Inc 441 104 Computer & Electronic Prod. Mfg.
ServiceNow Inc 434 79 Publishing Industries (exc. Internet)
Adobe Inc 427 155 Data Processing, Hosting, & Related Svcs
PayPal Holdings Inc 418 81 Data Processing, Hosting, & Related Svcs

Thermo Fisher Scientific Inc 411 215 Computer & Electronic Prod. Mfg.




Occupation Exposure to Generative Al Technology and Wages
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Higher exposure in cognitive than in manual skill jobs.



Within Finance, high-wage & social jobs are less exposed

Generative Al exposure score
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Labor impact depends on which tasks are exposed

I Substitute: can use Gen. Al instead of worker [Clawer labor demand and wages
I Complement: Gen. Al used by the worker [Chigher labor demand and wages
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Within Finance, manager / advisory roles have less core exposure
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Economic potential from GenAl is large based on exposure

Annual labor value potential = Employment x Annual Wage x 50% x Exposure Share
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Key question: when and where is this value realized?



Impact of GenAl on Firm Adoption and
Firm Values

Eisfeldt, Schubert, Taska, Zhang (Forthcoming). “Generative Al and Firm Values”. Journal of
Finance.

Schubert (2025). “Occupational Technology Ladders: Remote Work and Generative Al
Adoption”



Stock Portfolio Returns and Generative Al Exposure
I Sort stocks by Gen. Al exposure quintiles: Q5 (Artificial) - Q1 (Human) = AMH

I AMH returned 0.4% daily during 2 weeks after ChatGPT release

I Firm value increases significantly more in firms with data assets (data sets & skills)
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Measuring Generative Al adoption by firms

Generative Al adoption: Lightcast job posting data (Jan. 2010-Sep. 2024), parsed for share
of firm's jobs with GenAl-related skill mentions.

Example:
Product Specialist Associate

US AMR-Jones Lang LaSalle Americas, Inc. & - 3.7 %
Chicago, IL 60601

$48,500 - $65,000 a year - Full-time

:

As a Product Specialist Associate, you will be responsible for:

¢ Responds as the first line of defense to support cases/chats/phone calls from users of
supported product(s)

¢ Triages and manages case workflows in our service tools, including feedback loops for
feature pre-prioritization

¢ Shepherds the workflow of escalations with the technology teams, while maintaining a
seamless experience for the end-user

¢ Utilizes Generative Al, specifically JLL GPT, to support and optimize specific tasks and
initiatives within the organization



Firms with GenAl exposure hire more for GenAl skills
Eisfeldt, Schubert, Taska, Zhang (2024) pre-ChatGPT “GenAl exposure” predicts 2024 GenAl skill demand:

Gen Al Skill Share of All Job Postings
(YTD Sep. 2024 %)
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Greater tech skills and job complexity [Chigher GenAl adoption

Degree to which Exposure [—Adbption varies across firms:
I ..increases with workforce tech skills
I ..increases with manager share of workers

I ..increases with job complexity (requiring adv. degrees & experience)

Aligns with financial market prediction that data capabilities increase firm value effect.

Path dependence: tech-savvy firms invest more in GenAl [_mady expand their dominance
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What do firms invest in when adopting GenAl?



Core-exposed firms reduce hiring for exposed roles

Impact on workers:
I GenAl-exposed firms reduce hiring for most exposed roles
I Effect on hiring is more negative if worker's exposure is in core tasks

I Wages decrease post-ChatGPT for workers in occupations with core task exposure,
but increase if exposure is only in supplemental tasks

Active literature that finds mostly small employment e [ecits so far:
I Changing nature of jobs - reskilling, task reallocation etc.

I Aggregate numbers mask heterogeneity - e.g. core vs. supplemental task exposure






Household Exposure to GenAl

Blank, Schubert, Zhang (2026). “The Household Impact of Generative Al: Evidence from
Internet Browsing Behavior”. arXiv:2603.03144



Data: Comscore Panel of browsing behavior

Data: Panel of household website browsing from 2019-2024
I Raw data shows sec-by-sec internet domain visits
I [I88K machines
I Exact timestamps and URLs for all browsing activity
I Household characteristics: income, age

Measuring Adoption

I ChatGPT Use: ever visited chatgpt.com or openai.com in the past

I Focus on ChatGPT use over time as proxy for generative Al interaction:

I Largest consumer penetration - likely first “contact point”
I Domain consistently identified in the panel



Measuring Household GenAl Exposure

Activity Exposure Website Exposure HH Exposure
LLM labels each website > # of exposed activities > Duration-weighted avg.

activity as GenAl-exposed of high-exposure site use
Score 0-5 per site

or not in 2021

I Website activities: scrape metadata from website source code to get description 1
use LLM to generate main website activities

I Activity exposure: Label activities based on rubric of activities that ChatGPT
capabilities can substitute for

I Website exposure: Aggregate to exposure score 0-5 based on 5 main activities

I Household exposure: Duration-weighted average of “High-Exposure” websites (score
4 or 5 out of 5) in 2021

I Avg(HHGenAIExp): 11% of browsing duration is on highly exposed websites
I HHGenAIExp higher for younger and mid-income HH



Large share of the digital economy is exposed to GenAl
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Household exposure predicts ChatGPT Use
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Household Benefits of GenAl

Blank, Schubert, Zhang (2026). “The Household Impact of Generative Al: Evidence from
Internet Browsing Behavior”






