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1. Introduction

Homeownership is viewed by many economists and policymakers as an important pathway
to wealth accumulation and upward social mobility.! The Federal Housing Administration
(FHA), which was created by the U.S. Congress in 1934 to stabilize the mortgage market
during the Great Depression, plays a key role in providing access to homeownership for
households with limited financial means. The FHA offers borrower-paid mortgage insurance
that shields lenders from credit losses and facilitates the origination of high loan-to-value
(LTV) single-family loans. As a result, the program is an important source of mortgage
credit for first-time and lower-income homebuyers (HUD (2023)).

FHA lending was muted during the 2000s housing boom due to restrictive loan size
limits and more relaxed underwriting standards for privately securitized subprime mortgages
(Frame et al. (2021)). The subsequent housing bust resulted in tighter underwriting for
conventional mortgages and an increase in the share of FHA lending.? But in the decade
following, the FHA share receded.

At the same time, there was a significant decline in overall lending to low-income house-
holds, as presented in Figure 1. Panel A shows that the share of all home purchase mortgages
going to low-income borrowers decreased from roughly 11% in 2009 to only 6% in 2017, with
nearly all of this decrease coming from a contraction in FHA lending.® Panel B breaks out
the low-income mortgage share by lender type over the same period and shows that the

decline was driven by large banks.*

1See for example, Goodman and Mayer (2018) and references therein. For recent causal evidence that
homeownership leads to wealth accumulation, improves consumption smoothing, and increases social mobil-
ity, see Sodini et al. (2023).

2Conventional mortgages refer to all loans that are not insured explicitly by the U.S. government.

3The U.S. Department of Housing and Urban Development (HUD) defines low-income borrowers as
those with incomes below 50% of the FFTEC median family income in their county (HUD’s Public Housing
Program). This threshold corresponds to roughly the bottom third of the household income distribution
based on Census data.

4Large banks are defined throughout as those among the top five percent of FHA home purchase lending
volume in 2010.
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While the retreat of large banks and the rise of shadow banks in the FHA market has
been documented (Bhutta et al. (2017)), the reasons behind the shift have yet to be firmly
established, and the broader effects on borrowers are unexplored. In this paper, we show how
a wave of litigation brought by the federal government against large FHA lenders starting in
2012 played a significant role in this transition. Specifically, we focus on the role of lawsuits
brought by the U.S. Department of Justice (DOJ) under the False Claims Act for alleged
fraud in the origination of FHA mortgages. The DOJ contended that fraud resulted in the
FHA paying hundreds of millions of dollars in ineligible insurance claims, which contributed
to the depletion of its insurance fund.® The lawsuits ultimately resulted in 31 lenders paying
over $5 billion to the federal government.

We begin by documenting the striking fact that nearly all of the DOJ lawsuits were con-
centrated among the very largest (top 5%) FHA lenders, most of which were banks.® While
we cannot directly examine the fraud claims, we do explore whether the targeted institutions
were more likely to originate FHA home purchase mortgages that defaulted within 1-3 years
of origination. We find no evidence of differences in default rates either unconditionally or in
a regression setting with granular controls for borrower and loan characteristics. This casts
some doubt on claims of material taxpayer harm from the alleged fraud at targeted lenders,
since the basis would be losses suffered by the FHA on defaulted loans.

Next, we examine how the lawsuits affected FHA home purchase lending activity us-
ing a difference-in-differences design at the lender-county-year level. We define litigated
mortgage lenders and their peers (i.e., those in the top 5% of FHA origination volume in
2010) as treated because of the potential sobering effect of punishment on unpunished peers
(D’Acunto et al. (2023)). We then compare the mortgage origination activity of treated FHA

lenders to others, before and after the 2012 increase in DOJ litigation. Our empirical speci-

5 At the end of fiscal year 2012, the FHA’s Mutual Mortgage Insurance Fund had net worth of —$13.4 bil-
lion for the single-family mortgage insurance program (U.S. Department of Housing and Urban Development
Annual Report to Congress Fiscal Year 2012 Financial Status FHA Mutual Mortgage Insurance Fund).

6We use the term “banks” throughout as shorthand to capture all depository institutions and any
mortgage banking affiliates operating within a bank holding company structure. We use the terms “non-
bank” and “shadow bank” interchangeably to refer to non-depository, independent mortgage companies.
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fication includes county-year and lender fixed effects to account for changes in demographics
and local economic conditions, as well as unobserved lender heterogeneity. The results show
that the largest bank lenders, which are diversified institutions with franchise value at risk,
reduced their FHA home purchase lending by more than 75%, while the largest shadow
banks did not substantially reduce their lending. An additional triple-differences empirical
design that accounts for broader trends in the mortgage market using conventional home
purchase originations confirms these findings.

Although striking, the net impact of the retreat of the largest FHA bank lenders on
consumer access to FHA mortgage credit is unclear. On the one hand, these large banks
originated nearly 40 percent of FHA home purchase loans prior to 2012. On the other hand,
this market is highly competitive and other originators could fill this gap. To explore this
question, we exploit heterogeneity in county exposure to large banks (measured as the 2010
market share of banks in the top 5% of FHA origination volume). We implement difference-
in-differences tests at the county-year level to measure changes in aggregate FHA mortgage
lending between counties where large banks had high ex ante market shares and counties
where these banks had low ex ante market shares.

The key identifying assumption underlying this empirical design is that FHA mortgage
lending in counties with high and low exposure to large FHA bank lenders would have
trended similarly in the absence of the DOJ’s legal actions under the False Claims Act.
Some potential violations of the assumption include aggregate trends induced by changes in
bank regulation in the post-financial crisis era and the endogeneity of bank branch locations
and credit allocation decisions. We present several pieces of evidence supporting the parallel
trends assumption. First, we show that the level of FHA home purchase lending in high-
and low-exposure counties moved together prior to the legal settlements and only began to
diverge in 2012. Second, we estimate a triple-differences model that includes conventional

purchase mortgages and show that our findings are not driven by differing trends in the



broader mortgage market. Finally, we show that variation in county level exposure to large
banks is uncorrelated with observable, socio-demographic characteristics of counties.

The results from our baseline difference-in-differences specification suggest that moving
from a county with no exposure to large banks to one with only large banks would result in a
19.6% reduction in FHA lending in the 2012-2017 period. Results from the triple-differences
specification that controls for broader mortgage market trends are quantitatively similar,
which gives us confidence that any other shocks occurring around the beginning of the DOJ
litigation activity are not driving our results.

While we document a decrease in access to FHA mortgage credit among high-exposure
counties, we do not find evidence of a subsequent improvement in the quality of FHA lending
from a credit-risk perspective. First, we do not identify any significant changes in average
credit scores or debt-to-income ratios for newly-originated FHA home purchase mortgages.
Second, despite the DOJ’s stated purpose of the litigation activity to stop mortgage fraud
and limit credit losses to protect the FHA’s insurance fund, we find similar ex-post default
rates in high-exposure versus low-exposure counties.

Although credit standards in the FHA program were largely unaffected by the increased
litigation risk, it is possible that consumers benefited from an improvement in loan pricing
or the average service quality of lenders after the settlements. However, we find that high-
exposure counties not only experienced minimal changes in average mortgage rates, but also
experienced a relative decrease in the quality of the representative loan officer (as measured
by average loan officer misconduct rates). Our results suggest that small shadow banks with
a larger share of loan officers with a history of dubious mortgage lending practices partially
filled in the gaps left by the exiting large banks.

In a final set of tests, we show that increased litigation risk contributed to the overall
decline in mortgage credit to low-income borrowers during the post-financial crisis period
documented in Figure 1. We estimate that moving from a county with no exposure to

large banks in the period before the DOJ litigation activity to a county with only large



banks originating FHA loans would result in a 1.1 percentage point reduction in the share
of purchase mortgages to low-income households over the 2012-2017 period. This is an
economically important effect as it constitutes approximately 11% of the unconditional mean
of low-income, county level mortgage origination share. We further show that this decline in
mortgage lending was most pronounced in rural and underserved communities where there
are fewer lenders to fill the void and mortgage credit is relatively scarce. Taken together, these
results suggest that the DOJ litigation activity meaningfully reduced access to mortgage
credit for low-income homebuyers.

Our paper makes several contributions to the literature. We contribute to the litera-
ture exploring the effects of post-financial crisis regulatory changes on the $14 trillion U.S.
mortgage market. DeFusco et al. (2020) show that post-crisis constraints on debt-to-income
ratios for jumbo mortgages resulted in higher rates and less lending in the jumbo segment
of the market. Several studies also document how the share of mortgages originated by
shadow banks increased significantly after the financial crisis and attribute that increase to
changes in bank regulation and the emergence of fintech lenders.” Fuster et al. (2021) find
that institutions subject to oversight by the Consumer Financial Protection Bureau (CFPB)
exhibit safer lending and fewer foreclosures. D’Acunto and Rossi (2022) show that the over-
all number of small and medium-sized mortgages has decreased since the crisis, especially
among large lenders, but do not discuss events in the FHA market. We add to this literature
by documenting that the litigation-induced exit of large banks from the FHA market is a
primary driver of the reduction in mortgage credit to low-income households.

Perhaps the most related and complementary paper to ours is Benson et al. (2024). FHA
mortgages are virtually all securitized through Ginnie Mae, although originators or secondary
market aggregators act as the actual securities issuers. The authors discuss how the exit

of two large FHA bank aggregators led smaller originators to shift towards using nonbank

"See, for example, Buchak et al. (2018), Gete and Reher (2021), Kim et al. (2022), and Begley and
Srinivasan (2022). For more work on the FHA mortgage market, see DeFusco and Mondragon (2020) and
Gao et al. (2023).



aggregators. While the exit of these aggregators from the securitization market is not the
focus of our study, it may help explain why smaller FHA lenders were unable to completely
fill in the void left by large banks exiting the origination market.

We also contribute to the literature on mortgage fraud, which is widely considered to
be one of the main causes of the 2008 financial crisis. Studies have documented evidence of
fraud related to misrepresentations of borrower income (Jiang et al. (2014); Ambrose et al.
(2016); Mian and Sufi (2017)), borrower assets (Garmaise (2015)), home appraisals (Ben-
David (2011); Griffin and Maturana (2016)), and second liens and owner-occupancy status
(Piskorski et al. (2015); Griffin and Maturana (2016)). See Griffin (2021) for a review. We
add to this literature by exploring how the post-crisis government response to fraud reshaped
low-income mortgage lending.

Although fines are generally thought to be an efficient form of punishment (Becker
(1968)), we document that in this case the penalties and litigation risk were sufficiently
large that they drove firms out of the market leading to societal costs in the form of a reduc-
tion in the quantity and quality of services available to consumers. Moreover, low-income
homebuyers, who disproportionately rely on FHA mortgages, bore a disproportionate share
of the cost. This highlights an unintended consequence of the legal settlements.

The remainder of the paper is organized as follows. Section 2 provides background on
the FHA mortgage insurance program and the False Claims Act settlements. Section 3
discusses the data. Section 4 examines the effect of the litigation activity on the quantity of
FHA lending. Section 5 explores whether the litigation resulted in an improvement in the
quality of FHA loans or borrowers’ experience. Section 6 studies whether the litigation had

implications for overall credit availability to low-income borrowers. Section 7 concludes.



2. The FHA Insurance Program and False Claims Act Litigation

2.1. FHA Mortgage Lending

The Federal Housing Administration, which is part of the U.S. Department of Housing
and Urban Development, operates a single-family mortgage insurance program that pre-
dominately serves first-time and lower-income homebuyers. The FHA fully guarantees low-
downpayment loans (currently 3.5% down) made by participating lenders, in exchange for
up-front and ongoing mortgage insurance premiums paid by borrowers. The premium in-
come and insurance expenses are managed within the FHA’s Mutual Mortgage Insurance
Fund.

The FHA plays a significant role in the U.S. residential mortgage market. Figure 2
Panel A shows the composition of home purchase mortgage originations by loan type (FHA,
Conventional, or Other) from 2009 to 2017. During this time, FHA mortgages consistently
represented over 20% of the market. Panel B shows the composition by loan type across
deciles of borrower income using 2010 originations.® For homebuyers with below-median
income, FHA loans accounted for over 50% of the market.

Given that the FHA serves borrowers with lower income and wealth, it should be no
surprise that the loans are riskier. For home purchase mortgages, most borrowers make the
minimum downpayment and therefore have a loan-to-value ratio of 96.5%. FHA borrowers
typically also have lower credit scores and higher debt-to-income ratios compared to con-
ventional mortgage borrowers. The combination of high leverage and weaker credit profiles
translates into higher default rates for FHA mortgages than conventional loans. In fact,
elevated default rates for FHA mortgages in the wake of the financial crisis ultimately re-
sulted in the Mutual Mortgage Insurance Fund requiring financial assistance from the U.S.

government in 2013.

8Income deciles are formed within states based on borrower incomes on originated loans.



Lenders qualified to participate in the FHA’s direct endorsement program have the au-
thority to deem mortgages eligible for insurance and close loans without prior FHA approval.
These delegated lenders must certify annually and for each loan originated that they comply
with all relevant FHA lending guidelines and rules regarding underwriting procedures and
quality control plans. Importantly, the Department of Justice asserts that any violation of
HUD rules in connection with the submission of a claim for FHA insurance constitutes a

false claim, under the False Claims Act of 1863.

2.2. False Claims Act Settlements

The False Claims Act is a federal statute enacted in response to defense contractor fraud
during the American Civil War. The law enables the DOJ to pursue a civil penalty of three
times the amount of damages plus a fixed penalty of $5,000 to $10,000 per claim against
those allegedly defrauding the government.” In 2011, the DOJ and HUD filed a lawsuit
against Deutsche Bank for False Claims Act violations. In this case, HUD analyzed 21
loans involving FHA claims and found defects, leading to a landmark settlement in 2012

of over $200 million.'®

This marked the beginning of a series of investigations targeting
mortgage lenders for allegedly originating loans that were not fully FHA-compliant and
submitting them for insurance coverage and guarantees. Internet Appendix Section A.1
presents examples of fraud allegations made by the DOJ.

To identify lenders that were litigated, audited, or investigated by the DOJ for alleged
fraudulent activity in the FHA mortgage market between 2006 and 2021, we implement a
thorough search across several sources including the DOJ News Archive, Nexis Uni, and
Google search. Internet Appendix Section A.2 provides a description of this search process.
Table 1 presents a list of lenders that settled with the DOJ/HUD following FHA-related

investigations and lawsuits brought under the False Claims Act. Our search identified 31

targeted lenders, with settlements totaling roughly $5 billion.

9See 31 U.S. Code § 3729.
10Gee also the Memorandum on Deutsche Bank Settlement.
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Figure 3 displays the number (Panel A) and total dollar amount (Panel B) of False Claims
Act settlements for FHA mortgage lenders each year. The figures show that settlements were
infrequent and minor before increasing significantly in 2012 and remaining elevated through
2017.

We next examine which lenders were targeted and uncover a striking pattern. Figure 4
Panel A sorts lenders into 20 quantile bins based on their FHA lending volume in 2010 and
tabulates the number of lenders with DOJ settlements in each bin. We find that nearly all
of the settlements were concentrated among the top 5% largest FHA lenders.

Given that the stated goal of the DOJ/HUD for using the False Claims Act was to
reduce fraud and costly defaults on FHA loans, we might expect the targeted lenders to
have originated particularly poorly performing FHA mortgages in prior years. Figure 4
Panel B plots the average early default rate on FHA loans from 2004-2010 for lenders in
each of the 20 size bins.!! The figure shows that the top 5% largest lenders are not an
outlier.

We formalize this test in Table 2 by estimating loan level regressions that control for
borrower and loan characteristics as well as county and year fixed effects.!?> The results
in columns 1-3 show that litigated lenders, the largest (top 5%) lenders, and bank lenders
actually had lower early default rates on their FHA loans originated from 2004 through 2010
as compared to other lenders. Column 4 combines the specifications and finds the strongest
evidence for lower default rates at bank lenders.

Although we document here that litigation activity is uncorrelated with (or negatively
correlated with) the frequency with which lenders made “bad loans” in prior years, we note

that early defaults are not a direct measure of fraud. The DOJ may also have considered

' These results are based on administrative data on FHA loans which we discuss in Section 3 below. We
define early defaults as loans that become 90 days delinquent within two years of origination. We find similar
results using either one-year or three-year windows.

12The control variables are narrow bins for FICO scores, DTI ratios, and LTV ratios, the natural logs of
income and loan amount, and indicators for first-time homebuyers, female borrowers, and minority borrowers.
Appendix Table A.1 provides variable definitions.



additional factors, such as the fixed costs of investigations relative to the potential settlement

amount, when selecting lenders.

2.3. Industry Response to the False Claims Act Litigation

The use of the False Claims Act in the FHA mortgage market has raised concerns about
the litigation risk imposed on participating lenders. Concerns appear to stem from (1) the
lack of clarity on what constitutes a material error or false claim, and (2) the extrapolation
from defect rates in small samples of inspected loans when calculating the lender’s total
liability. Lenders argue that these factors and the treble damages component of the False
Claims Act increase their uncertainty and can make settlements financially devastating. For
example, after JPMorgan Chase’s $614 million settlement, CEO Jamie Dimon said in a letter
to shareholders that the settlement “wiped out a decade of FHA profitability,” making such
lending “risky and cost prohibitive for many banks.”!3

Some lawmakers also argued that the use of the False Claims Act in these cases is
excessive. In a 2017 House Financial Services Committee hearing, Representative Lee Zeldin
(NY) noted the “improper use of the False Claims Act to impose outrageous penalties against
lenders’ immaterial defects” and that “many lenders have left the FHA program, and those
that have stayed in the program [became] more costly for the borrowers who can least
afford it.” In 2019, the DOJ and HUD signed an inter-agency memorandum to clarify that
going forward, FHA requirements would be enforced primarily through HUD’s administrative
proceedings rather than being pursued under the False Claims Act. In the rest of the paper,
we study how the wave of litigation activity impacted FHA mortgage lending activity and

lending to low-income households more broadly.

13See JPMorgan Chase & Co. Chairman & CEO Letter to Shareholders (April 4, 2017).
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3. Data

We use three primary data sources to conduct our empirical analysis. First, we collect data
on all types of residential mortgage loans from the public version of the Home Mortgage
Disclosure Act (HMDA) database. Second, we use administrative data for the population of
FHA-insured mortgages and their performance provided by the U.S. Department of Housing
and Urban Development. Third, we construct a national database of mortgage loan officers
originating FHA loans using information from the Nationwide Mortgage Licensing System
(NMLS).* In addition to these sources, we incorporate data on county-year level economic
conditions and demographics from the U.S. Census Bureau’s American Community Survey,

the Federal Housing Finance Agency, and the Bureau of Labor Statistics.

3.1. HMDA Data

The Home Mortgage Disclosure Act requires nearly all mortgage lenders to report com-
prehensive information on the loan applications they receive, including whether they ac-
cept/reject the application and ultimately originate the loan. Only lenders that are very
small or operate exclusively in rural areas are exempt from HMDA reporting.!® Therefore,
the HMDA database is a near-comprehensive source of data on mortgage applications and
originations in the United States and covers roughly 95% of all loans (Avery et al. (2017)).
The data include borrower income, race, ethnicity, loan size, loan purpose (purchase, refi-
nance, or home improvement), loan type (FHA, conventional, or other government insurance
program), and property location. We use data from 2009 to 2017 to study local lending ac-
tivity in the FHA mortgage market, in the conventional mortgage market (for comparison),

and to low-income households across all mortgage types.

For detailed descriptions of these data see Huang et al. (2023a) and Huang et al. (2023b).

15As of 2019, any depository institution must report to the HMDA database if it has: (i) at least one
branch or office in a metropolitan statistical area (MSA), (ii) at least $46 million in assets, and (iii) originated
at least 25 mortgages in each of the previous two years. Non-depository institutions must report data if they
have a branch/office in an MSA (or receive at least five applications from MSAs) and originated at least 25
mortgages in each of the previous two years. See A Guide to HMDA Reporting.
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3.2. FHA Administrative Data

We use administrative data on the population of FHA-insured single-family mortgage orig-
inations from 2004 to 2017. These data were provided to the Federal Reserve Banks of
Atlanta and Dallas by HUD. The data are comprehensive and include mortgage loan terms
and standard underwriting variables (e.g., credit score, loan-to-value ratio, debt-to-income
ratio) that are not available in the public HMDA data. The data also contain information
on loan performance through September 2019. We use these administrative data to explore

underwriting standards and default risk in the FHA mortgage market.

3.3. NMLS Loan Officer Data

The Secure and Fair Enforcement for Mortgage Licensing Act of 2008 (SAFE Act) requires all
residential mortgage loan originators (“loan officers”) to be either state-licensed or federally
registered and recorded in the Nationwide Mortgage Licensing System.! We obtain access
to data from NMLS Consumer Access™ through an agreement with the State Regulatory
Registry, which is a subsidiary of the Conference of State Bank Supervisors.!” The dataset
contains historical snapshots of loan officer files, including information on licenses, registra-
tions, and other filings as of the end of each calendar year from 2012 to 2017. Importantly,
the CFPB’s Regulation G requires loan officers to disclose information about disciplinary,
enforcement, and other actions taken against them.'® We use this loan officer misconduct

information to measure FHA lender “service quality.”

16T 0an officers working for federally insured depository institutions or their subsidiaries must be federally
registered, while loan officers at non-bank mortgage companies must be state licensed. The NMLS was created
in 2008 by the Conference of State Bank Supervisors (CSBS) and the American Association of Residential
Mortgage Regulators (AARMR), see https://nationwidelicensingsystem.org.

"For additional information on NMLS Consumer AccessS™, see https://nmlsconsumeraccess.org.

18See the CFPB’s Communication on Disciplinary Actions for additional information.
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3.4. Summary Statistics

We conduct our main analysis of FHA lending volumes at the lender-county-year and county-
year levels using the HMDA data. We subsequently examine underwriting standards and
default risk using the loan level FHA administrative data. For each of our analyses, we
restrict the sample to first-lien home purchase mortgages on owner-occupied one-to-four
family dwellings originated in the 2009-2017 period. We report summary statistics for the
HMDA samples here and statistics for the FHA sample in Section 5 immediately preceding
the related analyses.

Table 3 presents various summary statistics for the HMDA data aggregated to the lender-
county-year level (Panel A) and the county-year level (Panel B). The HMDA data include
mortgages from over 9,000 lenders operating in over 3,000 U.S. counties. We also report
statistics for county economic conditions and demographics which serve as control variables
in our regression analyses.

The lender-county-year sample summarized in Panel A requires that the lender-county-
year contains at least one mortgage application of any type (our broad definition of where
lenders are actively operating).!? On average, lenders receive 3.6 FHA applications and
originate 2.5 FHA mortgages in each county they operate in each year. By contrast, these
same lenders originate 4.6 conventional mortgages, on average, in each county they operate
in each year.

The county-year level statistics in Panel B show that the average county has approx-
imately 404 FHA mortgage applications and 286 FHA originations per year. This corre-
sponds to 1.6 new FHA loans each year per 1,000 local residents and an FHA loan volume
per capita of $235. By contrast, counties average 573 conventional mortgage originations per
year, which corresponds to 3.5 loans per 1,000 residents and a conventional loan volume per
capita of $644. The key independent variable in our county-year level analysis is Ezposure

to Large Banks, which is the FHA market share of large banks (those among the top 5%

9The sample also excludes singletons dropped in our tests due to lender or county-year fixed effects.
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largest FHA lenders) as of 2010 in a given county. The statistics show that these large bank

lenders had an average FHA market share in 2010 of 39% across counties.

4. Effect of Litigation on FHA Lending Volume

This section examines the effect of the False Claims Act litigation wave on FHA mortgage
lending volume. We begin by examining trends in FHA market shares by lender type and
document a striking exit by large banks. We then conduct tests at the lender-county-year
level to formalize this finding, and to confirm it holds after controlling for broader trends in
conventional mortgage lending. Last and most importantly, we test whether the litigation
and subsequent exit by large banks had an aggregate effect on FHA mortgage lending in

local areas where these banks operated.

4.1. Lender Level Evidence: Large Banks’ FHA Exit

We document in Section 2 that the increase in litigation risk fell squarely on the very largest
(top 5% in 2010 originations) FHA lenders and that banks paid a large share of the settlement
monies. Anecdotal evidence and contemporaneous trade press accounts suggest this may
have led large banks to reconsider their participation in the FHA market.

Figure 5 presents trends in FHA market shares. Panel A plots the share of FHA home
purchase mortgage originations for three groups of banks: (1) large banks directly targeted
in the DOJ litigation, (2) large banks that did not face litigation, and (3) all other banks.
The three groups’ market shares followed similar trends from 2009 to 2011. Then, large
litigated banks significantly reduced their FHA participation in lockstep with the litigation
wave, with their market share dropping from over 30% in 2011 to less than 5% in 2017.
Large non-litigated banks also reduced their FHA market share from around 7% in 2011 to
around 2% in 2017, consistent with a peer’s punishment having a sobering effect (D’Acunto
et al. (2023)). Banks not in the top 5% of 2010 FHA volume held steady with market shares

around 17% throughout the sample period.
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Panel B presents a similar FHA market share breakdown for shadow banks. Large lit-
igated shadow banks maintained (or slightly increased) their FHA market share of around
10% over the 2012-2017 period. Large non-litigated shadow banks also maintained their
market share of around 16%. Strikingly, smaller shadow banks significantly increased their
market share from around 23% in 2011 to just under 50% by 2017. Overall, these patterns
represent a significant shift of FHA market share away from large banks toward smaller,
monoline shadow banks.

Next, we estimate the effect of the litigation wave on FHA lending by large lenders using
a more formal difference-in-differences regression framework. We define treated lenders as
those in the top 5% of FHA lending volume (where the settlements were concentrated) based
on 2010 originations. We define the post period as 2012 and later, given the first large False
Claims Act settlements occurred in 2012.2° We then estimate the effect on FHA lending

using a lender-county-year panel and the following specification:

Yiet =8 Top 5% Lender; x Post; + 6; + Vet + €ict- (1)

where subscripts 4, ¢, and ¢ represent the lender, county, and year, respectively. The depen-
dent variable, Y; ., is the number of FHA home purchase mortgage originations in a given
lender-county-year. The key independent variable is the interaction between the indicators
Top 5% Lender and Post. The specification also includes lender and county-year fixed ef-

fects denoted by d; and ., respectively. The inclusion of county-year fixed effects accounts

20There were two False Claims Act settlements that occurred before 2012 (see Table 1). Both occurred
in 2008 and were relatively small compared to the subsequent wave of settlements. We do not believe that
either settlement raised significant concerns among market participants because of the small amounts and
the unique nature of the associated DOJ investigations. The National City Mortgage lawsuit was brought
over 58 late endorsement loans (loans submitted for insurance coverage more than 60 days from closing) that
were more than 30 days past due when they were submitted for FHA insurance coverage. HUD regulations
clearly state that late endorsement loans have to be current. The RBC Mortgage Company lawsuit was
brought over a mortgage fraud ring that operated in the early-2000s in Rockport and Freeport, IL. The
fraud ring included loan officers employed by a subsidiary of RBC (Prism Mortgage) who were convicted on
federal charges.

15



for changes in local economic conditions that may affect loan demand. Standard errors are
double-clustered at the lender and county levels.

Table 4 Panel A presents the results. Column 1 shows that during the post period, top
5% lenders’ FHA volume declined by an average of 3.55 loans per year in each county where
they operated. This effect is economically meaningful, as it corresponds to 46% of the 2010
mean for the top 5% lenders (which is reported at the bottom of Panel A for convenience). In
columns 2 and 3, we investigate whether this effect is due to changes in FHA lending among
top 5% banks versus top 5% shadow banks. The results confirm the patterns documented
in Figure 5: it was large banks that exited the FHA market.

The county-year fixed effects in these difference-in-differences specifications help mitigate
concerns that the results are driven by local demand for FHA loans. Yet, one might still
be concerned that the findings represent a broader retreat of large banks from residential
mortgage lending, rather than a direct response to litigation risk in the FHA market. To
address this concern, we conduct triple differences tests that account for these same lenders’
origination activity in the conventional mortgage market.

To conduct the triple differences tests, we construct a lender-county-year-loan type panel
that includes two observations for each lender-county-year, one for FHA loan volume and

one for conventional loan volume. We then estimate specifications of the form:

Yictm = B1 Top 5% Lender; x Posty x FHA,, + 2 Top 5% Lender; x Post,
+ B3 Top 5% Lender; x FHA,, + 84Post; x FHA,, + BsFHA,, (2)
+0; + Vet + Eictm-
where the new subscript m denotes the loan type (FHA versus conventional) and FHA,,
is an indicator for the observation corresponding to FHA mortgage lending. Y; ., is the
number of home purchase mortgage originations of the given loan type, and all remaining
variables and fixed effects are defined as above. Standard errors are again double-clustered

at the lender and county levels.
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Table 4 Panel B presents the results. Column 1 shows that FHA lending by the top 5%
lenders declined by an average of about 5 loans per year in each county where they operate,
relative to their conventional lending. Columns 2 and 3 again provide evidence of a much
larger decrease in FHA lending among large banks compared to large shadow banks. Overall,
the triple differences results are similar to the difference-in-differences results, providing
strong evidence that the exit of large banks is specific to the FHA mortgage market where
litigation risk increased sharply.

We conduct four related robustness checks which we report in the Internet Appendix.
In Table A.2, we confirm the results are similar if we estimate Poisson regressions to ac-
commodate count-based dependent variables (Cohn et al. (2022)). In Table A.3, we confirm
the results are similar if we run the regressions using the natural log of one plus the dollar
volume of originations as the outcome variable. In Table A.4, we confirm that the results
are similar if we define treated lenders as only those who settled with the DOJ, as opposed
to all top 5% lenders (who we contend all faced increased government litigation risk).

Finally, in Section B.1 of the Internet Appendix we estimate a staggered difference-in-
differences specification that uses variation in the timing of the False Claims Act settlements
across lenders. That is, instead of assuming that the litigation shock occurred in 2012 for all
top 5% lenders, we focus on the litigated lenders and assume that the timing of the shock
varies across lenders and corresponds directly to each lender’s respective settlement date. An
important drawback of this approach is that it assumes the litigation activity only affected
those lenders who were explicitly targeted by the DOJ. We believe that the litigation likely
had a broader impact on the FHA market, as shown in Figure 5. Nevertheless, Table B.1
shows that the results obtained via a staggered difference-in-differences approach are both

qualitatively and quantitatively similar to our baseline results in Table 4.

17



4.2. County-Year Level Evidence: Aggregate Effects on FHA Lending

Our next set of tests examine the aggregate effect of the DOJ litigation wave on FHA
mortgage lending using county-year level data. We exploit the fact that counties exhibit
significant variation in their pre-period exposure to the large banks that subsequently exited
the FHA market. Our key independent variable, Ezposure, is the FHA market share of
large banks (those among the top 5% largest FHA lenders) as of 2010 in a given county.
We then test whether counties with greater exposure to the litigation wave (through large
banks) experienced a reduction in FHA lending volume. Importantly, these tests estimate
the aggregate effects net of any substitution to other (less affected) lenders.

We estimate a difference-in-differences specification of the form:

Y. = B1Exposure, x Post, + f2Controls.;—1 + 0c + Vi + €cy- (3)

where Y., represents various dependent variables we use to measure FHA lending volume at
the county-year level. Controls.;_ represents one period lagged county-year level measures
of: county population, median household income, poverty rate, unemployment rate, educa-
tion levels, minority population share, change in house prices, and average credit scores.?!
d. and 7, are county and year fixed effects, respectively. Standard errors are clustered at the
county level.

Table 5 Panel A presents the results using three measures of county-year level FHA home
purchase lending: In(Volume) is the natural logarithm of one plus the total dollar volume of
FHA originations, Volume per Capita is the total dollar volume of FHA originations divided
by the population, and Loans per 1,000 is the total number of FHA originations per 1,000

residents. Column 1 shows that moving from a county with no exposure to large banks to one

21'We exclude population from the controls if the outcome variable is a per capita measure. Because the
Census Bureau started releasing 5-Year American Community Survey estimates in 2009, we impute the 2008
values using the 2009 values for the Census variables.
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with only large banks would result in a 19.6% reduction in FHA lending in the post period.
Taking into account the variation in the data, this means that a one-standard-deviation
increase in Ezposure leads to a 4% reduction in average aggregate FHA lending volume in a
county. Columns 2 and 3 report similar results when we normalize FHA lending in dollar or
loan count terms by county population.??

The key identifying assumption in this difference-in-differences approach is that FHA
mortgage lending in counties with high versus low Ezposure would have trended similarly,
absent the treatment (i.e., the litigation wave). Although it is not possible to test this
assumption directly, we can examine the trends prior to the litigation wave and the dynamics
of the effect we document. Therefore, we run a specification similar to Equation (3) above,
except we interact the FExposure variable with a dummy for each year from 2009 to 2017
(with 2011 as the omitted interaction).

Figure 6 presents the dynamics of the difference-in-differences results. The plots show
insignificant point estimates for the interactions between Fxposure and year dummies during
the pre-period, demonstrating that high- and low- Fxposure counties were trending similarly
before the False Claims Act litigation. The interactions then become negative immediately
in 2012, coinciding directly with the timing of the first large settlements. The effect of
Exposure remains persistently negative through 2017, indicating that heavily-affected FHA
markets struggled to recover from the exit of the large banks. Overall, the dynamics of the
difference-in-differences results are consistent with an effect of the litigation, rather than
differing long-term trends in FHA lending across counties.

Despite the evidence of parallel trends prior to 2012, one might still be concerned about
unobserved local economic trends that could have changed in the post-2012 period in a
way that correlates with Exposure. We present three pieces of evidence that mitigate such

concerns. First, in Figure A.1 in the Internet Appendix, we present a map displaying the

22Qur analysis focuses on FHA lending volumes rather than on approval rates for loan applications. This
approach is informed by the fact that lenders exiting the FHA market typically did so by no longer taking
FHA mortgage applications, rather than by taking and rejecting applications. In fact, Table A.5 shows that
Ezposure had no effect on approval rates in either the FHA or conventional market.
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variation in Fzposure across counties. The map shows wide variation throughout the United
States rather than clusters of high Ezposure in certain areas. Second, in Table A.6 we
document that Fxposure is only weakly correlated with county level economic conditions and
demographics. This weak correlation is encouraging if we think these county characteristics
capture some of the sources of local economic trends. Finally, and most importantly, we
conduct triple differences tests that use conventional lending as a counterfactual to address
the possibility of a broader retreat of large banks from residential mortgage lending in the
aftermath of the financial crisis and to net out any unobserved local trends in mortgage
demand.

As a precursor to the triple differences tests, we present the dynamics of difference-in-
differences tests similar to those above, except using conventional mortgage lending as the
outcome rather than FHA lending. Figure 7 shows that conventional home purchase lending
trends were similar in high- and low- Exposure counties throughout the sample period. The
only exception is a slight upward trend in Loans per 1,000 in high- Exposure counties in the
later years of the sample. Of course, to the extent that this reflects increased mortgage
demand, it would work against our main difference-in-differences results for FHA lending.
Overall, these dynamics are consistent with conventional mortgage lending being relatively
unaffected by the litigation wave (which was specific to FHA loans), and with mortgage
demand exhibiting similar trends across high- and low- Ezposure counties during this period.

To conduct our triple differences tests, we construct a county-year-loan type panel. This
panel contains two observations for each county-year, one for FHA loan volume and one for

conventional loan volume. We then estimate specifications of the form:

Yetm = Br1Exposure. x Posty x FHA,, + ByExposure. x Post,
+ B3Exposure, x FHA,, + 8,Post; x FHA,, + sFHA,, (4)

+ B - Controls.;—1 + 0 + V¢ + €ct.m-
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where the subscript m denotes the loan type (FHA versus conventional) and FHA,, is an
indicator for the observation corresponding to FHA mortgage lending. Y., ,, represents the
three dependent variables we use to measure lending activity, and all remaining variables
and fixed effects are defined as above. Standard errors are again clustered at the county
level.

Table 5 Panel B presents the results. Column 1 shows that moving from a county with
no exposure to large banks to one with only large banks would result in a 19.4% reduction
in FHA lending in the post period, relative to trends in conventional lending. This triple
differences estimate is very similar to the difference-in-differences estimate, and it suggests
that a one standard deviation increase in Ezposure reduces FHA lending by over 4% on
average. Columns 2 and 3 report similar results when we use Volume per Capita and Loans
per 1,000 as dependent variables.

One concern is that conventional mortgage borrowers may differ from FHA mortgage
borrowers in ways that generate different trends in demand, potentially influencing the triple
differences test. To address this, we conduct an additional robustness test where we restrict
conventional mortgages to those taken out by low-income households (those with incomes
below 50% of the FFIEC median family income in their county). The results, reported in
Table A.7 of the Internet Appendix, remain similar to those in Table 5 Panel B.

We also estimate a staggered difference-in-differences version of the specifications in equa-
tions (3) and (4), and find similar results. Details of the approach are provided in Section
B.1 of the Internet Appendix, with the results displayed in Table B.2. Overall, the findings
in this section strongly indicate that the False Claims Act litigation prompted large banks

to exit the FHA market, leading to an aggregate reduction in FHA mortgage lending.

5. Effect of the DOJ Litigation on FHA Lending Quality

This section examines the effect of the DOJ’s False Claims Act litigation activity on FHA

mortgage lending quality. We use administrative loan level data from the FHA to assess
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three aspects of lending quality. First, we explore whether the litigation wave led to changes
in FHA lenders’ underwriting standards in terms of credit scores and debt-to-income (DTT)
ratios. Second, we test whether the litigation activity improved FHA mortgage performance
in terms of default rates. Finally, we examine whether borrowers’ experience with FHA
lending changed in terms of mortgage pricing or exposure to loan officers with records of

past misconduct.

5.1. Effect on Underwriting Standards

Table 6 presents summary statistics for FHA mortgages originated from 2009 to 2017 using
the loan level administrative data. Like the prior analyses, we restrict the sample to first-lien,
home purchase mortgages on owner-occupied, one-to-four family dwellings. Panel A reports
statistics for the full sample and Panel B reports statistics for large banks, small banks, and
shadow banks separately. The statistics in Panel A show that the average FICO credit score
is 690, the average loan-to-value (LTV) ratio is 95.4%, the average DTI ratio is 41%, and
that 80% of borrowers are first-time homebuyers. The statistics in Panel B indicate that the
three groups of FHA lenders generally serve similar borrowers.

Our first piece of analysis using these data examines the effect of the litigation wave on
FHA underwriting standards. We focus on two key underwriting variables, FICO scores and
DTI ratios, which represent dimensions along which lenders could tighten credit standards to
reduce the likelihood of borrower defaults and subsequent regulatory scrutiny. We conduct
these tests by running difference-in-differences specifications similar to those above, except
we use loan level rather than county-year level data.

Table 7 presents the results. In Panel A, the dependent variables are measures of borrower
credit scores. Column 1 shows that average borrower FICO scores on FHA mortgages did

not change significantly in high- relative to low- Exposure counties following the litigation
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wave. Column 2 reports similar non-results, as there was also no change in the likelihood of
FHA loans having borrower FICO scores below 620 in high- versus low- Ezposure counties.?

The tests in Panel B examine whether lenders tightened their underwriting criteria along
the dimension of DTI ratios. The results in column 1 show no significant change in the
average DTI ratios of FHA borrowers in high- relative to low-Ezposure counties following
the litigation activity. Column 2 presents similar non-results when examining the likelihood
of FHA borrowers having particularly high DTT ratios of over 50%. Overall, the evidence in
Table 7 suggests that the False Claims Act litigation wave had no discernible effect on FHA

lenders’ underwriting standards.

5.2. Effect on Default Risk

The literature has used early defaults as a measure of poor mortgage underwriting practices
and an indicator of potential fraud. Our next difference-in-differences tests evaluate whether
the False Claims Act litigation activity led to a reduction in FHA mortgage defaults during
the first 1-3 years after loan origination.

Table 8 presents the results. In columns 1 and 2, the dependent variable is an indicator
for the loan becoming 90 days or more delinquent within 12 months of origination. Column 1
shows the results when the specification includes county and year fixed effects but no controls
for underwriting variables. The coefficient associated with the Ezposure x Post interaction
term is statistically insignificant, indicating no effect of the litigation wave on FHA early
default risk. Column 2 documents a similar non-result after conditioning on underwriting
variables. Columns 3-6 report similar results using 24- or 36-month horizons post-origination
to define early defaults. In sum, we find no evidence that the False Claims Act litigation

activity resulted in lower FHA default rates.

23The literature has identified a FICO score of 620 as an important threshold below which it is difficult
to obtain a conventional loan (Keys et al. (2010) and Bubb and Kaufman (2014)).
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5.3. Effect on Loan Pricing and Service Quality

We next explore whether the False Claims Act litigation wave and the ensuing shift in the
FHA mortgage market away from large banks toward shadow banks resulted in any change
in mortgage pricing or service quality. We again employ a difference-in-differences approach.

Table 9 presents the results. In Panel A, we examine variation in the interest rates on
FHA home purchase mortgages, after controlling for underwriting variables as well as county
and year fixed effects. The results in column 1 show that for the full loan level sample, we
find a statistically insignificant effect of Fxposure x Post on average interest rates. In
columns 2 and 3, we split the sample into loans originated in high- versus low-competition

counties.?*

We find no statistically significant effect of Exposure on FHA loan pricing in
high-competition counties in column 2. However, in column 3, we find that Ezposure leads
to a slight increase in interest rates in less competitive lending environments, where moving
from a county with no exposure to large banks to one with only large banks corresponds to
a 6 basis point increase in rates.

We next test whether the change in the composition of FHA lenders impacted the quality
of the representative loan officer serving FHA borrowers. We proxy for the quality of the
representative FHA loan officer serving a county by taking the weighted average across
lenders, of the fraction of their loan officers with misconduct records, where weights are
lenders” FHA market share in the county-year. Loan officer misconduct rates are based on
NMLS data, which starts in 2012. Therefore, we construct two measures of the representative
loan officer’s quality. Misconduct Rate 2012-2017, (%) takes into account misconduct records
appearing in NMLS any time between 2012 and 2017. Misconduct Rate 2012, (%) takes
into account only misconduct records that were already in the NMLS in 2012. Given the

backward-looking nature of misconduct reporting, this measure likely proxies for misconduct

rates during the pre-litigation period